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What is Wikidata? 
Structured Knowledge Storage

~100M+ Wikidata triples
~8 edits per second

Richly Annotated Records:
Texts in 300+ languages
Timestamps
Numeric values
Geographic coordinates
And more

Powering countless services on the Web



Vandalism in Wikidata
Example of a revision (ID: 593195479) vandalizing the Wikidata entry for
Bulgaria. Original triple IDs are mapped to their corresponding English labels.

What is the anthem of Bulgaria? 🇧🇬

theverge

Malicious changes to  Wikidata:

https://www.theverge.com/2017/10/4/16427146/apple-iphone-siri-bulgaria-national-anthem-despacito-incorrect


System design
Graph-based changes processing
Text-based changes processing
The final Classification Model includes:

text features;
graph features;
revision metafeatures. 



Challenges: 
Anonymous and new users: Anonymous and
new editors usually have a higher revert rate.
Content complexity and noisy target: 

Wikidata item represented as a complex
nested structure of dictionaries or lists.
Target is community-generated → noisy

Productionalization: The model should perform
with limited computational resources. 



Models overfit and learn to
mistrust anonymous users.

Anonymous editors have
a higher revert rate.

Anonymous editors are less
likely to stay and contribute.

VS. anon. all

Risk of the number
of active editors
dropping.



Visual representation of change

Content processing
Parsed representation



Text processing
Three different signals - one Small language model (SLM).



Target preparation
Filters applied:

Filter for "revision-wars" (leave only those reverted revisions that were not later reverted)
Filter for "self-reverts"
Filter revisions created by bots

Figure: Revision-wars filtering logic



Dataset Experiment



System evaluation

Rule-based: all revisions by anonymous users
are reverted;
ORES: previous SOTA model;
MbC: Metadata-based Classifier (MbC) 
CbC: Content-based Classifier (CbC) 
Graph2Text: proposed model (CbC + MbC)

System performance on expert-labeled data

System performance on holdout testing set The precision/recall curves for models.



System evaluation
System fairness based on holdout testing set

Model performance (AUC) comparison
across various Wikidata edit characteristics.



Next-generation vandalism detection system
for Wikidata:

New open benchmark dataset for
vandalism detection in Wikidata,
containing about 5M unique samples.
All content types are processed using a
single multilingual small language model.
System productionalization addressing
limitations imposed by resource-
constrained infrastructure and product
requirements.

Summary



Thank you!
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